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Abstract

Recent generative Al technologies are rapidly transforming film production across pre-production, production, and post-production
stages. However, while existing commercial SaaS-based generation tools provide high quality for single images, they exhibit
structural limitations in maintaining consistency of characters and objects across diverse camera perspectives. This study proposes a
multi-angle generation pipeline that integrates LoRA (Low-Rank Adaptation) techniques and node-based workflows based on the
Qwen series text-to-image model to overcome these constraints. The proposed architecture is designed to explicitly control camera
movement and rotation through parameterization and is optimized for various composition changes while preserving character
identity via Multi-Angle LoRA. Experimental results confirmed through qualitative evaluation that core visual characteristics remain
stable despite various camera angle changes. Furthermore, quantitative analysis using a CLIP image encoder-based approach
recorded an average cosine similarity of 0.8764, verifying semantic consistency. These results suggest that in production
environments requiring precise scene design and multi-perspective control, a control-oriented generation structure such as a
node-based workflow is necessary as a complementary alternative to commercial SaaS tools.
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Fig. 6. Quantitative Evaluation Between Training Data and LoRA-Generated Image
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Table 3. Limitations in Maintaining Inter-Shot Consistency Within a Scene in SaaS Image Generation

Tools

Scene 1-1 Cut

For the next generated image (Shot 1-2),
the background, character style, and clothing
attributes are preserved, while the camera po-

sition is adjusted to generate a left-view

perspective.

left side view

Midjourney(Detailed prompt) : A left side view of a young man walking in a futuristic
cyberpunk city, dark tech jacket, neon lights reflecting on wet pavement, glowing Korean
signs, flying cars and drones, light rain at night, shot with a Sony A7R IV, 85mm /1.2, neon
blue-purple tones

Today

= feg]™

Nano banana pro(Detailed prompt) : Same as Midjourney(Detailed prompt)
- s e =
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models Lora 2
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VAE

Qwen_image_vae.safetensors

CLIP

Qwen_2.5_vl_7b.saftensors
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