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LLM-based Animation Reframing for Short-Form Video
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Abstract

As most multimodal large language models (MLLMs) are trained on real-world data, MLLMs face challenges in accurately
interpreting animated videos that feature stylized visual characteristics such as exaggerated geometry and simplified shading. As a
result, video reframing often places key characters outside the frame, and recognition performance degrades when characters are not
included in the pre-training data. To address this issue, this paper proposes a training-free short-form transformation pipeline that
jointly interprets animated video content and script-based text prompts while utilizing character images as visual queries. The
proposed approach first performs scene extraction using an MLLM, followed by object detection based on visual queries, and then
applies Adaptive Zooming to mitigate object loss and cropping errors that may occur during the reframing process.
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