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Abstract

Image matching is a field of basic computer vision technology meaning finding similar features by comparing two or more
images. In addition, the importance of image matching is emphasized because it is used in various applications of various
computer visions such as image search, image stitching, and image difference detection. Among them, image matching through
feature extraction is the most widely used technique in the field of image matching. Recently, new techniques introduced with thet
development of deep learning technologies that from the past rule-based techniques. In this paper, image matching technology
through feature extraction is introduced by dividing it into two processes: feature, descriptor extraction and matching using feature
descriptors. We also describe the process from existing rule-based techniques to recent techniques using deep learning. Finally, we
analyze the performance of each technique through experimental results.
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